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FRIES Python 3. 8
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torchvision 0. 9. 0
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F—loss.py———————————————————— e ——— . M A8 % oR B
F—nain. py ———————————————— FF BN ZR 5 W ) BT
F—model. py ——————————————————— T TR A5 TR A
—resnet. py————————————————— FEE ) E T M 45
—train.sh————-—----"-"-""-"" BATHE A S0
F—utils.py———————————————— == ——— FAG YU T EL G B 2 Sk

3.3.2 HUIBENA

: ARSI 5 B U8 45 8 Real-world Affective Faces Database (RAF-DB) . 1% ¥k 5 4
¥ T B hE T 22 A R A e,

: RAF-DB $fit 40 S — & 29 672 3K 2050 P AN I3 1 1% 10 2 1 M09 4, 2 8 4
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